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Rainmakers: Why Bad Weather Means Good Productivity
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People believe that weather conditions influence their everyday work life, but to date, little is known
about how weather affects individual productivity. Contrary to conventional wisdom, we predict and find
that bad weather increases individual productivity and that it does so by eliminating potential cognitive
distractions resulting from good weather. When the weather is bad, individuals appear to focus more on
their work than on alternate outdoor activities. We investigate the proposed relationship between worse
weather and higher productivity through 4 studies: (a) field data on employees’ productivity from a bank
in Japan, (b) 2 studies from an online labor market in the United States, and (c) a laboratory experiment.
Our findings suggest that worker productivity is higher on bad-, rather than good-, weather days and that
cognitive distractions associated with good weather may explain the relationship. We discuss the
theoretical and practical implications of our research.
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In this article, we seek to understand the impact of weather on
worker productivity. Although researchers have investigated the
effect of weather on everyday phenomena, such as stock market
returns (Hirshleifer & Shumway, 2003; Saunders, 1993), tipping
(Rind, 1996), consumer spending (Murray, Di Muro, Finn, &
Popkowski Leszczyc, 2010), aggression in sports (Larrick, Tim-
merman, Carton, & Abrevaya, 2011), and willingness to help
(Cunningham, 1979), few studies have directly investigated the
effect of weather on work productivity. Moreover, to date, no
studies have examined psychological mechanisms through which
weather affects individual worker productivity, the focus of our
current investigation.

We theorize that thoughts related to salient outdoor options
come to mind more easily on good weather days than on bad
weather days. Consistent with our theorizing, Simonsohn (2010)
found that cloud cover during visits to a college known for its
academic rigor by prospective students predicted whether they
enrolled in the visited school. Prospective students who visited on
a cloudier day were more likely to enroll than were those who
visited on a sunnier day. Cloudy weather reduced the opportunity
costs of outdoor activities such as sports or hiking and thus
increased the attractiveness of academic activities.

To gain insight into how people intuitively think about this
relationship, we asked 198 adults (Mage � 38 years, SD � 14.19;
42% male) to predict the impact of weather on individuals’ work
productivity. Among our respondents, about 82% stated that good
weather conditions would increase productivity, and about 83%
responded that bad weather conditions would decrease productiv-
ity. These survey results indicate that people indeed believe that
weather will impact their productivity and that bad weather con-
ditions in particular will be detrimental to it.

This conventional wisdom may be based on the view that bad
weather induces a negative mood and therefore impairs executive
functions (Keller et al., 2005). In contrast to this view, we propose
that bad weather actually increases productivity through an alter-
native psychological route. We theorize that the positive effects of
bad weather on worker productivity stem from the likelihood that
people may be cognitively distracted by the attractive outdoor
options available to them on good weather days. Consequently,
workers will be less distracted and more focused on bad weather
days, when such outdoor options do not exist, and therefore will
perform their tasks more effectively.
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Psychological Mechanisms of the “Weather Effect” on
Productivity

When working on a given task, people generally tend to think,
at least to some extent, about personal priorities unrelated to that
task (Giambra, 1995; Killingsworth & Gilbert, 2010). Task-
unrelated thoughts are similar to other goal-related processes in
that they can be engaged in without explicit awareness, though
they are not directed toward the given task (Smallwood &
Schooler, 2006). Thus, when the mind wanders, attention shifts
away from the given task and may lead to failures in task perfor-
mance (Manly, Robertson, Galloway, & Hawkins, 1999; Robert-
son, Manly, Andrade, Baddeley, & Yiend, 1997). Prior work notes
that general cognitive interference can have costly effects on
worker productivity (for a review, see Jett & George, 2003).
Workers who experience cognitive interference are distracted,
showing an inability to focus on a task (Fisher, 1998) and a greater
likelihood of committing errors while completing the task (Flynn
et al., 1999).

Thinking about salient and attractive outdoor options is a form
of task-unrelated thinking that serves as a cognitive distraction that
shifts workers’ attention away from the task at hand. Accordingly,
we expect it will be harder for workers to maintain their task-
related thoughts on good weather days than on bad weather days.
As a result, we also predict that workers will be less productive on
good weather days than on bad weather days. More specifically,
we argue that on a bad weather day, individuals will have a higher
ability to focus on a given work task not because of the negative
mood induced by the weather but because fewer distracting
thoughts related to outdoor options will be readily available in
their minds. Consequently, they will be able to better concentrate
on their tasks and work more productively on bad weather days. In
our research, we consider tasks where productivity requires high
levels of attention and focus, which allow workers to complete
their work faster. Thus, we expect fewer cognitive distractions to
be associated with higher levels of work productivity. Taken
together, these arguments lead to the following hypotheses:

Hypothesis 1. Good weather conditions, such as lack of rain,
will decrease worker productivity on tasks that require sus-
tained attention and focus, compared to bad weather
conditions.

Hypothesis 2. Good weather conditions will increase the sa-
lience and attractiveness of outdoor options, compared to bad
weather conditions.

Hypothesis 3. The relationship between good weather condi-
tions and worker productivity will be mediated by greater
cognitive distractions (i.e., salience of one’s outdoor options).

To test our predictions, we used empirical data on worker
productivity, measured by individual performance on tasks con-
ducted in a Japanese bank (Study 1), an online marketplace (i.e.,
Amazon Mechanical Turk, Studies 2 and 3), and the laboratory
(Study 4). We focused on precipitation as the key measure of bad
weather given the previous finding that precipitation is the most
critical barrier to outdoor physical activities (Chan, Ryan, &
Tudor-Locke, 2006; Togo, Watanabe, Shephard, & Aoyagi, 2005).

Study 1: Field Evidence From a Japanese Bank

Method

In Study 1, we examined the proposed link between weather
conditions and productivity by matching data on employee pro-
ductivity from a mid-size bank in Japan with daily weather data.1

In particular, we assessed worker productivity using archival data
from a Japanese bank’s home-loan mortgage-processing line. For
the sake of brevity, we discuss the overall structure of the opera-
tions here; more detailed information can be found in Staats and
Gino (2012). Our data includes information on the line from the
rollout date, June 1, 2007 until December 30, 2009, a 2.5-year time
period. We examined all transactions completed by the permanent
workforce, 111 workers who completed 598,393 transactions.
Workers at the bank conducted the 17 data-entry tasks required to
move from a paper loan application to a loan decision. Included
were tasks such as entering a customer’s personal data (e.g., name,
address, phone number) and entering information from a real estate
appraisal. Workers completed one task at a time (i.e., one of 17
steps for one loan); when a task was completed, the system
assigned the worker a new task. The building in which the work
took place had windows through which workers could observe the
weather. Workers were paid a flat fee for their work; there was no
piece-rate incentive to encourage faster completion of work.

In addition to the information on worker productivity, we also
assembled data on weather conditions in Tokyo, the city where the
individuals worked. The National Climactic Data Center of the
U.S. Department of Commerce collects meteorological data from
stations around the world. Information for a location, such as
Tokyo, was calculated as a daily average and includes summaries
for temperature, precipitation amount, and visibility.

Measures

Completion time. To calculate completion time, we took the
natural log of the number of minutes a worker spent to complete
the task (� � 0.39, � � 1.15). As we detail below, we conducted
our analyses using a log-linear learning curve model.

Weather conditions. Since our main variable of interest is
precipitation, we included a variable equal to the amount of pre-
cipitation each day in inches, down to the hundredth of an inch
(� � 0.18, � � 0.53). To control for effects from other weather-
related factors, we also included temperature (� � 62.1, � � 14.6)
and visibility (� � 10.3, � � 5.1). With respect to the former, it
may be that productivity is higher with either low or high temper-
atures. Therefore, we entered both a linear and quadratic term for
temperature (in degrees Fahrenheit). Finally, because worse visi-
bility could be related to lower productivity, we included the
average daily visibility in miles (to the tenth of a mile).

Control variables. We controlled for variables that have been
shown to affect worker productivity. These included: same-day,
cumulative volume (count of the prior number of transactions
handled by a worker on that day); all prior days’ cumulative
volume (count of transactions from prior days); load (percentage

1 The data reported in Study 1 have been collected as part of a larger data
collection. Findings from the data have been reported in separate articles:
Staats and Gino (2012) and Derler, Moore, and Staats (2013).
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of individuals completing work during the hour that the focal task
occurred; see Kc & Terwiesch, 2009); overwork (a comparison of
current load to the average, see Kc & Terwiesch, 2009); defect;
day-of-week, month, year, stage (an indicator for each of the 17
different steps); and individual indicators.

Results and Discussion

We used a log-linear learning curve model because individuals’
performance improves over time with experience. Using this ap-
proach, we conducted our analyses at the transaction level. There-
fore, in our models, we controlled for the effects of the worker,
task, and time, and then examined the effect of weather on worker
productivity. For our primary model, we used a fixed effects linear
regression model with standard errors clustered by individual.

Column 1 in Table 1 shows our main model, which we used to
test Hypothesis 1. Examining rain, we found that the coefficient is
negative and significant (coefficient � �0.01363). In terms of the
effect size, we found that a one-inch increase in rain is related to
a 1.3% decrease in worker completion time for each transaction.
Given that there are approximately 100 workers in the operation,
a 1.3% productivity loss is approximately equivalent to losing one
worker for the organization on a given day. Based on the average
yearly salary of the associate-level employees at this bank and the
average frequency of precipitation, this loss could cost approxi-
mately $18,750 for this particular operation a year. When accu-
mulated over time for the entire bank of nearly 5,000 employees,
a 1.3% productivity loss could be interpreted as a significant loss
in revenue for the bank: at least $937,500 a year. Further, in a city
the size of Tokyo (approximately 9 million people) our identified
effect could translate into hundreds of millions of dollars in annual
lost productivity.

Next, it is important to properly account for the standard errors
in our model as we have many observations nested within a small
number of individual workers. Therefore, in Column 2, we clus-
tered the standard errors by day, not by worker. In Column 3, we
used Prais-Winsten regression with panel-corrected standard errors
adjusted for heteroskedasticity and panel-wide, first-order autocor-
relation. Then, in Column 4, we used the fixed effects regression
model from Columns 1–3 but used block-bootstrapped standard errors.
In each model, the coefficient on rain is negative and statistically
significant. Finally, in Columns 5 and 6 we added additional
controls with first individual fixed effects interacted with monthly
fixed effects and then individual fixed effects interacted with stage
fixed effects. In conclusion, using a within-subject design, this
study showed that greater rain is related to better worker produc-
tivity.

Study 2: Online Study of Weather and Productivity

Although Study 1 offers valuable information on employees’
actual work productivity, only the time taken to complete a task
was used as an outcome variable, as error rates were low (less than
3%) and showed little variation across employees. In Study 2, we
sought a conceptual replication of the effect of weather on com-
pletion time while also using a task that would permit us to
measure error rates. We could thus investigate productivity not
only in terms of quantity (speed at which workers completed their
given task) but also in terms of quality (accuracy of detecting

errors and correcting them). To account for the potential influence
of weather-driven moods, in addition to new productivity mea-
sures, we collected data on whether workers felt positive or neg-
ative affect while completing the task.

Method

Participants and procedure. We recruited U.S. residents to
participate in an online survey in early March, when weather
conditions vary significantly depending on where workers are
located. Three hundred twenty-nine online workers (Mage � 36.52
years, SD � 12.79; 48% male) participated in a 30-min study and
received a flat fee of $1. We first gave all workers a three-
paragraph essay that included 26 spelling errors; we asked them to
find as many errors as they could and correct the errors they
found.2

Once all the workers had completed the task, they completed a
questionnaire that included measures of state emotions to control
for potential effects of affect. Finally, we asked workers to com-
plete a demographics questionnaire that also included questions
about the day’s weather and their zip code.

Measures.
Productivity. We computed the time (in seconds) workers

spent on the task of correcting spelling errors (i.e., speed). Given
that each worker spent a different amount of time on the task, we
calculated speed by dividing the number of typos detected by the
total time taken in seconds. We then log-transformed the variable
to reduce skewness. In addition, we computed how many spelling
errors were correctly identified and fixed as a measure of accuracy.

State emotions. We used the 20-item form of the Positive and
Negative Affect Scale (PANAS; Watson, Clark, & Tellegen,
1988). Participants indicated how much they felt each emotion
“right now” using a 7-point scale. We calculated two summary
variables for each participant: positive (� � .90) and negative
affect (� � .91).

Weather questionnaire. Workers were asked to report their
zip code, which enabled us to find the daily weather data of the
specific area on a specific day (http://www.wunderground.com).
To ensure that workers’ perceived weather matched actual weather
conditions, we also asked them to think about the weather condi-
tions of the day, relative to their city’s average weather conditions,
using a 5-point scale (1 � one of the best to 5 � one of the worst).

Results and Discussion

We first tested whether actual weather matched workers’ per-
ceptions of the day’s weather. Indeed, subjective perceptions of
bad weather were associated with lower temperature (r � �.24,
p � .001), higher humidity (r � .21, p � 0.001), more precipita-
tion (r � .23, p � 0.001), more wind (r � .31, p � 0.001), and
lower visibility (r � �.26, p � 0.001).

Table 2 reports summary statistics. Table 3 summarizes a series
of regression analyses. Consistent with Hypothesis 1, more rain
was associated with higher productivity, measured in terms of both
speed and accuracy (Model 1). This relationship holds even after
controlling for key demographic variables and state emotions

2 More detailed instructions and materials are available online as sup-
plemental materials (Appendix A).
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(Model 2). These findings suggest that bad weather is associated
with both indicators of productivity, increased speed, and accu-
racy.

Study 3: Online Study of Weather and Salience of
Outdoor Options

We conducted a third study to test Hypothesis 2, which suggests
that good weather conditions raise the attractiveness of outdoor
options compared to bad weather conditions.

Method

Participants and procedure. We recruited 77 online workers
(Mage � 33.02 years, SD � 11.99; 53% male) on MTurk to
participate in a 5-min study for a flat fee of $0.20. We randomly
assigned participants to one of two weather conditions (good vs.
bad). Participants were primed on the weather; half of them read,
“Please imagine that it is a beautiful, sunny day outside for the next
10 seconds,” and the rest read, “Please imagine that it is raining
outside for the next 10 seconds.” We then asked all workers to
write down as many non-work-related activities as possible that
they would like to engage in (up to 10). Workers were also asked
to rate the attractiveness of these activities using a 5-point scale
(from 1 � the least attractive to 5 � the most attractive). Among
all activities listed, we counted the number of outdoor and indoor
activities separately.

Results and Discussion

Workers who were told to imagine good weather conditions
listed significantly more outdoor activities they would like to
engage in (M � 4.47, SD � 2.91) than did workers who imagined
bad weather conditions (M � 1.31, SD � 2.10), t(75) � �5.48,
p � .001, although the total number of non-work-related activities
(which include both indoor and outdoor activities) did not differ
across weather conditions, t(75) � 1.48, p � .14. Similarly,
attractiveness ratings for these outdoor activities were higher for
those who imagined good weather (M � 3.77, SD � 0.14),
compared to bad weather (M � 1.38, SD � 0.29), t(75) � –7.32,
p � .001. This finding suggests that outdoor activities were indeed
more salient and attractive when workers perceived weather to be
good than bad.

Study 4: Laboratory Study of Outdoor Options and
Productivity

In Study 4, we carefully chose the days on which we conducted
our study sessions to take advantage of natural variation, then we
experimentally manipulated subjects’ exposure to outdoor options.
Through moderation, we seek to provide evidence in support of
our mediation hypothesis that the salience of attractive outdoor
options is directly linked to cognitive distractions. To test for the
mediating role of outdoor options and cognitive distractions
through a moderation approach (Spencer, Zanna, & Fong, 2008),
we chose weather conditions and manipulated the mediating factor
(in our case, exposure to outdoor options).3 Using a 2 � 2 design,
we expect to find an interaction between weather conditions and
exposure to outdoor options in predicting work productivity (con-
sistent with Hypothesis 3). Further, we predict that productivity
will be lower on good weather days compared to bad weather days,
regardless of the outdoor-options manipulation, as these options
are already salient and attractive without our prompt. Thus, we
expect to see our predicted effect (better performance on bad
weather days) in the condition in which we do not introduce
outdoor options as distractions.

Method

For our first manipulation, we varied whether the task was
undertaken on days with poor weather (rainy) or good weather
(sunny). For our second manipulation, the participants either were
primed by exposure to a variety of outdoor options prior to the task
or were not primed by exposure to outdoor options. We used this
second manipulation to vary the level of cognitive distraction
created by thinking about outdoor activities one may engage in, a
manipulation based on prior research (e.g., Simonsohn, 2010).
During the entire experiment, the laboratory’s lighting and tem-
perature levels were fixed at the same level, and participants were

3 We selected this method of manipulating the availability of outdoor
options instead of relying on self-reports, which are less reliable and more
likely to be biased (i.e., asking participants how distracted they felt or how
frequently they thought about outdoor options). This approach is consid-
ered a stronger test of the mediation hypothesis than measuring the medi-
ating factor through the use of self-reported measures (Rucker, Preacher,
Tormala, & Petty, 2011; Spencer et al., 2005).

Table 2
Summary Statistics for Study 2

Variable M � 1 2 3 4 5 6 7 8 9

1. Speed 2.84 0.64
2. Accuracy 17.87 4.82 .82
3. Precipitation 0.28 0.93 .12 .11
4. Perceived bad weather 3.01 0.82 .01 .01 .24
5. Positive affect 4.00 1.14 �.04 �.04 .02 �.09
6. Negative affect 1.53 0.83 �.03 �.05 �.02 .01 �.06
7. Female 1.52 0.50 .02 .05 �.10 .06 .08 �.09
8. Age 37.23 12.88 �.08 .05 .00 .06 .10 �.15 .13
9. Education 4.19 1.49 .13 .18 .05 .02 .06 �.05 .05 .11

10. Income 3.84 2.68 .13 .13 �.01 �.06 .01 .03 .04 �.02 .25

Note. Bold denotes significance of less than 5%.
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able to see the outside weather through the lab’s window. There
was no significant difference in show-up rates between bad versus
good weather days.

Participants and procedure. We recruited 136 students
(Mage � 21.82 years, SD � 3.51; 48.89% male) through the study
pool at the Harvard Decision Science Laboratory. Students signed
up online in advance to participate in an hour-long study and were
paid a $10 participation fee. They were also told that, depending
on the completion time of their data entry, they could receive an
additional $10 bonus.

Participants in the exposure-to-outdoor-options condition
viewed photos of outdoor activities taking place in good weather
conditions and were asked to evaluate the attractiveness of each
activity. Participants were then asked to pick their favorite de-
picted activity or the activity in which they engaged most fre-
quently and to discuss as vividly as possible what they would do
in the depicted scene. By contrast, participants in the control group
were asked to describe their typical daily routine.

Next, all participants completed the data-entry task, which in-
volved entering five sets of questionnaire responses written in
Italian from printed copies into a spreadsheet.4 All participants
finished entering five surveys and received the additional $10.
After all participants completed their data-entry task, they an-
swered a questionnaire that included state emotions, subjective
weather perceptions, and demographic questions.

Measures
Productivity. We assessed speed and accuracy as measures of

productivity. For speed, we first calculated the number of words
entered, then divided this number by the amount of time spent
completing the task, given that each survey data consisted of a
different number of words. We assessed accuracy by counting the
number of correct words entered for each person.

State emotions. Similar to Study 2, we controlled for the
potential influence of affect by measuring both positive (� � .93)
and negative affect (� � .89) using PANAS.

Subjective weather perceptions. As a manipulation check for
our weather manipulation, we asked participants whether they
thought the weather on the day of their participation was “good” or
“bad.”

Results and Discussion

We excluded 10 participants who failed to follow our instruc-
tions, as their completion time was not recorded correctly. Table 4
reports the descriptive statistics and correlations among the key
variables used in our analyses.

Manipulation check. Almost 90% of the participants who
participated on a good weather day (60 out of 67) felt that the
weather was good; almost 93% of participants who participated on
a rainy day (64 out of 69) felt that the weather was bad, 	2(1, N �
136) � 92.29, p � .001. These weather variables were not signif-
icantly correlated with our manipulation of exposure to outdoor
options, which we randomized.

Main analyses. Hypothesis 3 predicted that bad weather con-
ditions increase productivity by decreasing thoughts about outdoor
options, which should reduce cognitive distractions. Given the
design of Study 4, this hypothesis would be supported by a
significant interaction between weather conditions and exposure to
outdoor options in predicting productivity. To test this hypothesis,
we conducted a series of regression analyses (Table 5). As shown
in Model 1, exposure to outdoor options decreased data-entry
speed and accuracy. We did not find a statistically significant
effect of bad weather on productivity (for speed, 
 � 1.60, p �
.10; for accuracy, 
 � 13.33, p � .10). As predicted, the effect of
weather on speed was qualified by a significant interaction be-
tween exposure to outdoor options and weather conditions, while
the interaction effect on accuracy did not reach significance crite-
ria. We conducted similar analyses while controlling for demo-
graphics and state emotions (Model 2). After holding these vari-
ables constant, the interaction effect on speed remained robust, and
the interaction effect on accuracy became statistically significant.

A simple slope analysis supports Hypothesis 3 (see Figure 1).
When no outdoor options were made salient to participants, bad
weather significantly increased data-entry speed (
 � 3.04, p �
.04). When participants were exposed to outdoor options, however,

4 Further details of the instructions and materials used in this study are
available online as supplemental materials (Appendix B).

Table 3
Summary Regression Results in Study 2

Variable

Speed Accuracy

Model 1 Model 2 Model 1 Model 2

B SE B SE B SE B SE

Precipitation 0.07�� 0.02 0.07�� 0.02 0.54�� 0.15 0.52�� 0.15
Female 0.04 0.07 0.30 0.54
Age �0.00 0.00 0.01 0.02
Education 0.05� 0.02 0.47� 0.01
Income 0.02 0.01 0.18 0.09
Positive affect �0.02 0.04 �0.23 0.28
Negative affect �0.03 0.04 �0.39 0.36
Constant 2.81��� 0.04 2.72��� 0.24 17.62��� 0.28 15.45��� 1.72
Observations 321 321 321 321
R2 0.01 0.05 0.01 0.06
Root MSE 0.62 0.62 4.79 4.71

� p � .05. �� p � .01. ��� p � .001.
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weather conditions no longer predicted speed significantly (
 �
0.19, p � .76). Similarly, when there were no outdoor options, bad
weather significantly increased data-entry accuracy (
 � 24.90,
p � .05), a relationship that no longer held for those distracted by
outdoor options (
 � 1.87, p � .74).

To summarize, we found that having attractive outdoor options
decreased productivity through increased cognitive distractions. In
line with previous work (Bailey & Konstan, 2006; Speier, Valac-
ich, & Vessey, 1999), we demonstrate that making outdoor options
salient in people’s minds alone could impair their ability to con-
centrate. Good weather conditions were harmful for productivity,
an effect that seemed to disappear when outdoor options were
made salient. This interaction effect between weather conditions
and exposure to outdoor options suggests that people can be
relatively more productive at work on rainy days, unless they are
actively distracted. On sunny days, participants are likely to al-
ready be distracted, as outdoor options are salient in their minds.
Together, consistent with Hypothesis 3, these findings show that
cognitive distractions created by the salience of outdoor options
may serve as a mechanism through which bad weather conditions
increase productivity.

General Discussion and Conclusion

Our main goal in this article was to provide an alternative
psychological route of limited attention through which bad
weather conditions influence productivity, even when we hold
affective influences constant. Our evidence from both the field and
the lab was consistent with the predictions of our theoretical
model.

Although numerous previous studies used weather to induce
either positive or negative moods (Cunningham, 1979; Goldstein,
1972; Keller et al., 2005; Parrott & Sabini, 1990; Schwarz &
Clore, 1983) to study the effect of moods, our result does not
support this weather-mood hypothesis. Using a meta-analysis,
Shockley, Ispas, Rossi, and Levine (2012) found that positive
affect is associated with enhanced overall job performance. In
Studies 2 and 4, however, weather conditions did not induce
positive nor negative affect, and affect did not predict productivity.
Yet it is not our goal to suggest that the weather-mood hypothesis
is unwarranted or that affect plays no role in cognition. Although
these influences were not realized in our study, they may still be in
place, even if to a lesser extent than previous research posited.

Table 4
Summary Statistics for Study 4

Variable M � 1 2 3 4 5 6 7 8 9

1. Speed 30.03 3.55
2. Accuracy 190.49 31.81 .90
3. Good weather indicator 0.48 0.50 �.02 �.01
4. Outside option indicator 0.52 0.50 �.14 �.20 �.04
5. Age 21.94 3.57 �.20 �.16 .05 �.06
6. Female 1.52 0.50 .18 .10 .01 �.07 �.07
7. Income 4.90 3.40 .13 .09 .00 .06 �.19 .06
8. Education 3.42 1.03 �.11 �.04 .09 .00 .71 �.07 �.26
9. Positive affect 35.93 12.16 .03 .07 .09 �.07 .11 �.09 .06 �.00

10. Negative affect 19.59 9.67 .00 �.01 .04 .13 �.15 .10 �.05 .01 �.13

Note. Bold denotes significance of less than 5%.

Table 5
Summary Regression Results in Study 4

Variable

Speed Accuracy

Model 1 Model 2 Model 1 Model 2

B SE B SE B SE B SE

Exposure to outdoor options �2.20� 0.87 �2.26� 0.87 �22.82�� 7.68 �23.90�� 7.75
Good weather indicator �1.49 0.91 �1.58 0.92 �12.02 8.09 �13.61 8.26
Interaction (Outdoor Options � Weather) 2.51� 1.27 2.60� 1.27 20.61 11.16 21.88� 11.34
Age �0.27 0.13 �2.62� 1.14
Female 1.14 0.63 5.42 5.65
Income 0.14 0.63 1.10 0.87
Education 0.46 0.44 6.50 3.97
Positive affect 0.02 0.03 0.26 0.24
Negative affect �0.01 0.03 �0.14 0.03
Constant 31.28��� 0.64 32.70��� 2.69 203.27��� 5.67 219.07 24.22
Observations 123 122 125 124
R2 0.05 0.14 0.07 0.13
Adjusted R2 0.03 0.07 0.04 0.07
Root MSE 3.50 3.43 31.08 30.82

� p � .05. �� p � .01. ��� p � .001.
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One potential moderator that could address these seemingly
contradictory results is workers’ exposure to outside weather,
either by spending time and working outside or by looking outside
through windows. In fact, Keller et al. (2005) found that the
amount of time spent outdoors moderated the effects of weather on
mood and cognition. Both of our studies were conducted in a
climate-controlled environment where individuals were asked to
complete a series of tasks requiring attention and focus, such as a
workplace (Study 1), an online labor market (Studies 2–3), and the
laboratory (Study 4). Thus, this may explain why outside weather
conditions played a lesser role in influencing workers’ affective
state but created a more significant variation in the level of
cognitive distraction. In such contexts, weather may primarily act
on people’s cognition rather than on their affective states, as
weather influences their level of distraction when they think about
attractive outdoor options, as we have shown. Future research
examining the role of weather across these different contexts (i.e.,
workers who typically work outside the office, or workers who
work in an office without windows) would further our understand-
ing of the relationship between weather, affect, and cognition.

It should also be noted that our measure of job performance was
limited to the data entry task, which requires attention, and thus
more likely to be affected by cognitive distractions, rather than
affective influences. Positive affect tends to encourage less con-
strained, less effortful, and more creative problem solving
(Schwarz & Clore, 1983). In fact, positive moods induced by good
weather conditions may broaden workers’ cognition, thus increas-
ing the flexibility of their thoughts (Keller et al., 2005). Conse-
quently, future research should include different types of tasks that

could measure other aspects of job performance. For example,
weather-induced positive moods may improve workers’ produc-
tivity on tasks that require creativity, as well as affective interper-
sonal skills such as empathy and emotional intelligence.

Research also shows that bad weather conditions may lead
people to prefer spending time at work because attractive outdoor
options are not available to them (e.g., Connolly, 2008; Zivin &
Neidell, 2010). Although our studies did not allow for testing this
possibility, future studies should investigate the potential role of
differing incentives. If workers have incentives to finish their work
early on sunny days, rather than having fixed work hours per day,
their motivation to leave early might offset productivity loss due to
cognitive distractions.

In addition, there might be individual differences in people’s
responses to weather conditions (see Klimstra et al., 2011, for
“weather reactivity”) and their preference for outdoor activities.
Such dispositions may contribute to the variance in how outside
weather conditions are perceived and may also explain the lack of
significant correlations between weather and moods. Future stud-
ies should further examine the role of such individual differences
in modulating the role of outside weather in influencing worker
productivity.

Theoretical and Practical Implications

Our research extends previous work on the influence of weather
conditions on behavior. Prior work has focused on the effects of
weather on behavior through people’s affective reactions to
weather conditions (e.g., Larrick et al., 2011). Our work demon-
strates that weather conditions also influence individuals’ cogni-
tion. By reducing the potential for cognitive distractions, bad
weather was actually better than good weather at sustaining indi-
viduals’ attention and focus, and, as a result, increasing their
productivity.

Our results also deepen understanding of the factors that
contribute to work productivity. Prior research has focused
primarily on factors that are directly under one’s control or the
control of the organization (e.g., Staats & Gino, 2012). We
document the influence of weather conditions, incidental fac-
tors that affect work productivity. Distractions that arise at
work have been studied under the assumption that they can be
avoided. In fact, engaging in distractions, such as Internet
surfing, may have positive effects on productivity (due to
increased stimulation, Jett & George, 2003). Similarly, per-
ceived autonomy over lunch breaks reduced fatigue at the end
of the day (Trougakos, Hideg, Cheng, & Beal, in press). Thus,
a concerted effort to take advantage of good weather for break
purposes could offset potential negative effects on productivity.
Future studies may explore the consequences of different types
of distractions at work, including how to structure break pro-
grams to restore the workers’ cognitive resources.

Weather is one of the many factors that may lead workers to
engage in non-work-related thoughts. Bad weather eliminates
only one type of distracting thoughts; other factors may influ-
ence worker productivity to a larger degree (i.e., explicit incen-
tives and implicit goal-oriented motives). Despite our small
effect size in Study 1, our findings shed light on how seemingly
irrelevant, uncontrollable factors may influence workers’ pro-
ductivity and also learning over time. In fact, operational im-

Figure 1. Exposure to outdoor options moderates the relationship be-
tween weather conditions and productivity.
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provement efforts often focus on issues that have effect sizes
less than 1%. Companies realize that even small efficiency
improvements can translate to cost advantages. This finding
calls for further investigation of the factors that can increase
task-unrelated thoughts that may adversely affect productivity.
Research could also examine how expectations of certain con-
ditions (e.g., rain when sunshine was expected) might moderate
the effect of task-unrelated thoughts.

Our research also has practical implications. Although weather
conditions are exogenous and uncontrollable, to tap into the effects
of bad weather on productivity, organizations could assign more
clerical work of the type that does not require sustained attention
but does allow for more flexible thinking on rainy days than sunny
days. Since we found that cognitive distractions led to higher error
rates, individuals may wish to avoid working on a task in which
errors would be costly when they have task-unrelated priorities. In
addition, organizations may give productivity feedback to each
employee and allow flexible working hours that could maximize
productivity. We also note that if an organization wishes to main-
tain a consistent work output, then the weather forecast might be
a valuable input to a staffing model. Finally, as Cachon, Gallino,
and Olivares (2011) noted, weather is an important variable for
facility location. Our results suggest that, holding all other factors
constant, locating operations in places with worse weather may be
preferable.
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Correction to Lee et al. (2014)

In the article “Rainmakers: Why Bad Weather Means Good Productivity” by Jooa Julia Lee,
Francesca Gino, and Bradley R. Staats (Journal of Applied Psychology, Advance online publication.
January 13, 2014. doi: 10.1037/a0035559), there is an error in the last paragraph. The sentence
“Although weather conditions are exogenous and uncontrollable, to tap into the effects of bad
weather on productivity, organizations could assign more clerical work of the type that does not
require sustained attention but does allow for more flexible thinking on rainy days than sunny days”
should have read . . . “to tap into the effects of bad weather on productivity, organizations could
assign more clerical work of the type that requires sustained attention on rainy days, and more
creative work that allows for more flexible thinking on sunny days.”

DOI: 10.1037/a0036192
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